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<EI> o]y B214 289 soldl T= QR

import requests

from bs4 import BeautifulSoup
from datetime import datetime
from tqdm.notebook import tqdm

# AHEAA A 71928} 713 ey

keyword = input(“ZAE 714 =8 4E OW]Q ")

start_date = input(“A12 A= %@1 stA & (e 2024 08-01): )
end_date = input(“FTE ERE LA L (o 2024-08-02): 7)

# 7|2 URL A4

base_url =

f“https://section.blog.naver.com/Search/Post.naver?range Type=PERIOD&order
By=sim&startDate={start_date}&endDate={end_date}&keyword={keyword}”

# ol E219] £4 #o|x URLE BAste 3
def get_page_url(base_url, page_no):
return {“{base_url}&pageNo={page_no}”

def get_post_info(post_url):
headers = {
‘User-Agent”: ‘Mozilla/5.0 (Windows NT 10.0; Win64; x64)
AppleWebKit/537.36 (KHTML, like Gecko) Chrome/58.0.3029.110 Safari/537.3,
}

try:
response = requests.get(post_url, headers=headers)
responseraise_for_status() # HTTP olg] 2&AA] o 9] TAYAZ]
except requests.exceptions.RequestException as e:
print(f“Error accessing {post_url}: {e}”)
return None

soup = BeautifulSoup(response.text, ‘html.parser’)
# ANE A

title_element = soup.find(“h3”, class_="se_textarea”)
title = title_element.get_text(strip=True) if title_element else “No title”
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# AANE HE

content_element = soup.find(“div”, class_="se-main-container”)

content_text = content_element.get_text(strip=True) if content_element
else “No content”

. o3k A= ..

(1) Mol B2 3] Raw Hlol] A A

CFRZZ 20139 39 319 ~ 2023 12€ 31 7IRE & 4t Axd

34 319/649 30¥/94 30¥/12€ 3199 AAE HolH 3

b. 3 Al|E : Ylo|W EZ71 / https://blog.naver.com
AR FE A, ASP3I_URL, S, AL E23% 3 URL, EX4E

27, AAARYE o]PA_URL, F=EA1%t

d ARTF: F 15498471 / 81,200,0562H 323} / 4071 T+, oF 119VB
e EAFE(RIEY) : UTF-8(HFHZEE)
. A oAl : NBlog_Japan_20140331_.csv(2014%3 1871)),

NBlog_Japan_20140930_.csv(2014%3 3&71])

L FZH2 BiE Yol B2 dE I3 2(NBlog_Japan_Corpus)

http://japanese.or.kr/JapaneseStudy_corpus.aspx
(&, Wl I s S5 9 27 HolHE 2HAIg AA| Hole)

<32> NBlog_Japan_Corpus2] 107} EloJE] &jA|

Skl AR A ZE A&
1 2014. 3. 31. | ojo]H = oof Aol FH
2 2014. 3. 31. | A A
3 2014, 3. 3L TA 9F J/i%]% 2 34 31¢ . .
Al o] E(adidas,UNIQLO,LACOSTE levi's,abercrombie...
4 2014. 3. 31. | YEYFIY H7FAE #38 no2
5 2014. 3. 31. | FEY A E g1
A7tEE HAYE | vlelvde] M= 2RAkFEr
164380 | 2023, 12. 31. n}~E] Z(Rasapura Masters) SFEFE. .
154981 | 2023. 12. 31. | A &0 7h=A Aw ol thigkela
154982 | 2023 12. 31. | : ¥ 5%, WU 97 F& 449 [BHIEH ]
154983 | 2023. 12. 31. | Y3t vigk3Aad
154984 | 2023. 12. 31. | Snow Planner 71%7]
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a. Language : Python 3
b. FeEl4EY EOKiwi(Korean Intelligent Word Identifier)
c. Python $A 71410 Gensim / pyLDAvis / Wordcloud / Pandas &
d. OS S0 Colab - Python 3 Google Compute Engine / 7F5 - TPU v2
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<HE3> "oy HAE = AA

import pandas as pd

#o}2] NBlog_Japan_Corpus_data_OnlyTxt.csv Y& B8 12} 3= 9t

df = pdread_csv(‘/content/drive/MyDrive/NBlog_Japan_Corpus/NBlog_Japan_Corpus_
data_OnlyTxt.csv’, encoding="utf-8)

df = dif['A %, ‘A&ELE3_URL, W&, A2, ‘E238 =3 URL,
‘SHEED, AAARY, ©RA_URL, ‘F2AXY]]

df[‘doc_NBlog_Jpn'l = df[‘ A &1 + df[" €]

dfl‘doc_NBlog_Jpn'] = dfl‘doc_NBlog_Jpn'l.apply(lambda x: str(x))

3.3 HlolE ¥4

331 FeHA 74 9 B8] ¥4

A2 E B HlolH MEE gh=o]e] ETvto]A Kiwi(Korean Intelligent
Word Identifier) & AHg-8te] <3F4>9} o] Fej4 45 sl Fel4
A Foll= AP gl 719 EE FES & 3 SR TWolE AlYstaL
dfl‘doc_NBlog_Jpn_clean’] 5=l A3} gt

<FH4> FHlA B4 - ETU0lA Kiwi

from kiwipiepy import Kiwi
kiwi = Kiwi()
df[‘doc_NBlog_Jpn_token'] = None
for idx, row in df.iterrows():
doc_NBlog_Jpn = row[‘doc_NBlog_Jpn’]
nouns = []
for sentence in kiwi.analyze(doc_NBlog_Jpn):
for token in sentence[0]:
if token.tag.startswith(‘NN'):
nouns.append(token.form)
df.atfidx, ‘doc_NBlog_Jpn_token'] = nouns
df[‘doc_NBlog_Jpn_clean’] = dff‘doc_NBlog_Jpn_token'].apply(lambda x: [word
for word in x if len(word) > 1])
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<FE5> B8] vljA| - stopwords

stop_words_NBlog_Jpn =
(G = 3 AW A e e
AR S S B A T A ok E
Bl I E A e -3 e I = R i s s L I I M e
Q) E S Y ) QY Y Y T EY o' B8] A A e 5 ol Al
P/ AR = A R S B s M L M R S B
def remove_stopwords(word_list, stop_words_NBlog_Jpn):

filtered_words = []

for word in word_list:

if word not in stop_words_NBlog_Jpn:
filtered_words.append(word)

return filtered_words
dfl‘doc_NBlog_Jpn_clean’] = dff'doc_NBlog_Jpn_clean’].apply(lambda x:
remove_stopwords(x, stop_words_NBlog_Jpn))

3.3.2 Dictionary-BoW:Corpus 2343

He4 BAE npdl Hl2EE ol <¥6>9] FTE i B ATES 93
825 AP (Dictionary)S <3E7>3} o] FZ3}1aL 0] 2 Bowd 43 0 & W3]

o} FuE S5 APAS A 154,060] TRV Ptk 18] 3 Bowd4] HolE S
ARgSte] HEH O Z DA 418 I3 2(Corpus) S A4 3k

3) BoW(Bag of Words)&24jo|& EAT< —E/ﬂ(Document <} Go](Word)2] €2 &3
k= FAo=, Z7e] a4d SENEE THRESI ghE o tolE ¥4
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<E6> LDA B8 AW 2 mus A4

import gensim

all_tokens = dfl‘doc_NBlog_Jpn_clean’].tolist()

#3998 Gensim 2| corpora.Dictionary 2 g

dictionary_NBlog_Jpn = gensim.corpora.Dictionary(all_tokens)
#docZbowE ©] &3 corpusol @IS A%

corpus_NBlog_Jpn = [dictionary_NBlog_Jpn.doc2bow(text) for text in
all_tokens]

<FE7> Dictionary A 154,085 & 507 ©o] oA

2R, Ao}, T Tl wl=, wlFE2, A, A, $E,
o, 2tje, FH, Aolx IAZAT, aiﬂu}a g, &7, %%, B}OJ, %_‘—E
A 2E"], AR, F8) d4], F:F ], HE B
A, "=, S, e, %‘% 5 A#z, & E Y, &
&, A=, 7}3} zdg = L

4. LDA €4 3 23

4o A= [1381]3 22o], LDA(Latent Dirichlet Allocation) £-44-2 =33}
=, At 241 HolH((131-@DE Tl 992 158 S T3
wf o] & shshbrt ‘B o] |tk 11 2-@)). ©, LDA 45 A3s=
tloll= Az 7 71 =t A4S T3] Kol /A ‘Bge) =
nlg] Aafopst i) ‘o o] B A= 4R gEel 7IRE & QI
o] M1 2-@), “7AI <} ‘H3y)o] dasit.
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<3E8> Perplexity

import matplotlib.pyplot as plt

perplexity_values=[]

for i in range(2,15):
ldamodel=gensim.models.ldamodel.LdaModel(corpus_NBlog_Jpn,

num_topics=i, id2word=dictionary_NBlog_Jpn)
perplexity_values.append(ldamodel.log_perplexity (corpus_NBlog_Jpn))

x=range(2,15)

plt.plot(x, perplexity_values)

plt.xlabel(“number of topics”)

plt.ylabel(“perplexity score”)

plt.show()

-10.0 1

-10.5 |

-11.0 1

perplexity score

-11.5 4

-12.0 1

=125 1

2 1 6 8 10 12 14
number of topics

[172] &Y 4= ti¥] Perplexity Score

<39> Coherence

import matplotlib.pyplot as plt

from gensim.models import CoherenceModel

high_score_reviews = all_tokens

high_scroe_reviews = [[y for y in x if not len(y)==1]
for x in high_score_reviews]

coherence_values=[]

for i in range(2,15):

e
o
I)l
o
il
=)
Sid
12
o)
Jo
off
~
—_
S
S|
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ldamodel=gensim.models.ldamodel.LdaModel(corpus_NBlog_Jpn,

num_topics=i, id2word=dictionary_NBlog_Jpn)
coherence_model_lda=CoherenceModel(model=ldamodel,

texts=high_score_reviews, dictionary=dictionary_NBlog_Jpn,topn=10)
coherence_lda=coherence_model_lda.get_coherence()
coherence_values.append(coherence_lda)

x=range(2,15)

plt.plot(x, coherence_values)

plt.xlabel(“number of topics”)

plt.ylabel(“coherence score”)

plt.show()

0.55 1

coherence score

0.50 -

0.45 A

number of topics

[1¥3] =¥ 4= ti¥] Coherence Score

4.2 LDAY o EY md3

91 [233)3} o] B2E0] 5] 5 6, 0% 4As)e] LDA £4& 53
3l o]F <3E10>3 Zo] pyLDAvis H7|AE ARgste] B ¥ Ag] gl Ho
By ARE N4 shE oS [174-5]9F 2tk
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<¥10> LDA 4] 2 pyLDAvis A28}

import pyLDAvis
import pyLDAvis.gensim

pyLDAUVis.enable_notebook() # added
ldamodel=gensim.models.ldamodel.LdaModel(corpus_NBlog_Jpn, num_topics=6,
id2word=dictionary_NBlog_Jpn)

ldamodel.print_topics(num_words=6)

vis = pyLDAvis.gensim.prepare(ldamodel, corpus_NBlog_Jpn,
dictionary_NBlog_Jpn, sort_topics=False)

pyLDAvis.save_html(vis, ‘lda_NBlog_Japan.html’)

display(vis)

Intertopic Distance Map (via multidimensional scaling)

pPc2

4

Marginal topic distribution

2%
504

10%

[184] Intertopic Distance Map(via multidimensional scaling)
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1. saliencylterm w) = frequencylw) * [sum_t pit | w) * loglpit | wl/p(tl]] for topics t; see Chuang et. al (2012]
2. relevance(term w | topic t) =4 " plw | t) + (1-2) * plw | t)/plw); see Sievert & Shirley (2014)

pyLDAWvis : http://japanese.or.kr/Lda_NBlog_Japan_V.240831-1404.html
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{Abstract)

Topic Analysis of Japan-Related Texts on Social Media Using
LDA Topic Modeling Technique

Kim, YuYoung

This study applies the topic modeling technique, a prominent method in text
mining, to the field of Japanese studies, aiming to address the challenges posed by
the growing volume of textual data. To provide a deeper understanding of Korean
interest in Japan, the research focuses on social media data generated by the ordinary
users, rather than traditional mass media sources. Specifically, the study collected
and constructed a corpus from ten years of Japan-related blog posts on the Korean
platform Naver, which was then analyzed using topic modeling.

The analysis revealed that these Japan-related blog posts could be broadly
categorized into six topics. Based on the frequent keywords associated with each
topic, these were identified as "Travel,” "Economy,” "Learning,” "Shopping,” "Popular
Culture,” and "Japanese Cuisine.” The findings indicate that Koreans primarily view
Japan as a travel destination, followed by its significance as an economic entity in
international relations, a subject of study or destination for learning the Japanese
language and culture, a shopping destination, a source of popular culture, and a
provider of culinary experiences. These patterns demonstrate that topic modeling
effectively identifies themes and consumption patterns, reflecting real-world social
phenomena.

This study underscores the potential of data mining, particularly topic modeling,
in Japanese studies by enabling the analysis of large—scale textual data and deriving
meaningful insights. However, limitations include the consolidation of data into a
single set for analysis and the restriction of data collection to specific periods within
each year. Future research should extend the data collection timeframe and
incorporate data from other social media platforms to capture evolving trends in
Korean interest in Japan over time.
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